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Abstract Prediction of utterances in two-party conversations is important to make turn-taking between humans
and virtual agents natural. Many models require double-speaker features, but when incorporating them into virtual
agents, problems arise, such as the difficulty of obtaining the virtual agent’s own features. In this study, we proposed
a Transformer-based voice activity prediction model using only single-speaker features and tested its performance
on three corpora. In the validation, we compared the model with a model using double-speaker features, acquired
The results

confirmed that although the performance of the single-speaker model was somewhat degraded, performance could

features by language and individual differences, and investigated the effect of non-verbal features.

be improved by incorporating differences in turn-taking characteristics due to language differences and by adding
non-verbal features.
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