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Four young adults are in an

outdoor party in Italy, they

are holding the same object
in their right hand
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man is walking a dog. the dog is on a leash. the man is
on the skateboard. the man is wearing a red hat. the old
man is walking next to the other man. two men and a
dog are together. the older mans hate is gray. man is
wearing a backpack. man is wearing a black and red
jacket. the dog is brown. a dog walking down the street.
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car => behind => man

car => behind => man

man => walking on => street
man => walking on => street
car => behind => dog

dog => has => tail

man => riding => skateboard
man => wearing => jean

man => wearing => jean

: dog => wearing => jean

: dog => wearing => jean

: dog => wearing => hat

: man => wearing => hat

: tree => behind => dog

: man => wearing => hat

: man => wearing => glove

: tree => behind => man

: skateboard => under => tree
: man => wearing => jacket

: man => wearing => jean

0:
1:
2:
3:
4:
5:
6:
7:
8:

man => has => head

dog => has => tail

man => wearing => shoe

man => wearing => shoe

person => wearing => shoe

man => wearing => shoe

person => wearing => shoe

man => wearing => shoe

man => wearing => hat

9: | man => wearing => cap

»PaM 10: person => watching => man
4 11: man => wearing => hat

12: dog => has => leg

13: person => wearing => hat

14: person => wearing => cap

15: person => wearing => hat

16: person => wearing => jacket

17: man => wearing => shirt

18: man => wearing => jacket

19: person => wearing => shirt
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man => walking on => street
woman => walking on => street
man => walking on => street
person => walking on => street
man => walking on => street
person => walking on => street
person => watching => woman
person => wearing => jacket
man => wearing => jacket
person => wearing => jean
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PR
WNR -

: person => wearing => shoe

: man => wearing => shoe

: person => wearing => jean

: man => wearing => shoe

| 14: man => wearing => helmet

| 15: person => wearing => helmet
16: person => wearing => helmet
17: man => wearing => jean

18: man => watching => woman
19: man => wearing => helmet
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