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Algorithm 1 pTHR
1: Inputs: probs, max, min, thr, n_ma

AA1

2: Initialize:

3: segments < empty List

4 start < 0

5: thrs « List with size max

6: thrs[: min] < O, thrs[min :] <« thr

7: > Set threshold filter zArs
8: probs «— MovingAverage(probs, n_ma)

o: > Apply Moving Average of n_ma frames

10: while start < probs.length do

11: if probs[start] < thr then

12: start « start + 1

13: else

14: end < min(start + max, probs.length)
15: fori = start ... end do

16: if probs[i] < thrs[i] then

17: end «— i

18: break

19: append segments to Tuple(start, end)

20: return segments
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middle+quarter (4/16) | 25.84 | 25.57 25.96
middle+half (8/16) 2575 | 25.52 26.17
middle+all (16/16) 2573 | 2571 26.27
large+quarter (6/24) | 25773 | 25.74 26.18
large+half (12/24) 25.89 | 25.58 26.15
large+all (24/24) 2595 | 25.70 26.30
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