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Hello what are doing today ?

RVIFAEY

I'am good , i just got off work
and tired , i am student.
| just got done watching a
horror movie
I've read about 20 books
this year . wtE

1. lam a student
2. I've read about 20 books this year

How many books have you
read this year?
I've read about 20 books this
year .
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AN :

“that sounds good , i bet you’d be a good teacher .”
VY F

1. hey there i’'m 23 and i love food

2. i also like to cook but i’m not very good at it
3. i have been trying all types of food everywhere i go
4. i own a yacht and i rent it out when i’m not using it

5. i’ve been traveling the world for a years

AT :

“lol . i thought maybe my tv watching had fried
my brain for a minute .”

RV F
1.i am single and with two dogs
2.1 do not drink alcohol

3.1 like to play chess
4.1 love taking bubble baths

AN

“1 don’t like it either . love music’
AV FX

1.1 hate math class

]

2.1 ride the bus to school
3.i’m 13 years old
4.i’m on the soccer team

5.my brother is older than me
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