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Representing how it is said with what is said

Creation and analysis of an English corpus of focused speech and text reflecting

paralinguistically expressed implications
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Abstract In speech communication, people convey intentions through what is said (linguistic information) and how it is said
(paralinguistic information). In this study, we address focus, a kind of emphasis among paralinguistic information, and create,
analyse and publish an English corpus, which contains speech that differed in the placement of focus and text reflecting the
corresponding implications. The corpus and its analysis demonstrate the possibility of converting paralinguistic information
into linguistic information, which is expected to be applied to paralinguistic translation in the future.
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. BEs s (1) a. John bought the apple.
FRaI2=4/—Ya iBVT, NZHDOEREZEGEZ %7
DIz, MzsE5% (EFERR & TCDLH512E50 (%5
SR Yo 2Rz AMAL TN [1]. T 5
THERIE, AkBURE, WE, Yy FRYOBHEHNREEIC K 5
TRHEEINS. FALFHEBERTH-TDH, ThdDOHEAITRIY
DEIZED, BRIZBEHREVELRI DI ENTE L. KIS
TiX, T EEERD 1 OoTHL2HHICERL, Z2OHTHE
W7 —H A (focus) WZDOWTHS. REBEWKR 2] L FEXh
ZEMROVHHATIE, 74— RAISHBERIAOHEIICEEFRT
LREDIFERTRRT 2HDL N5 [3].

b. John bought the apple.

(1a) TWE, KFTRINTWDS X ST John I27 +—H AHE
PITWS. & LFI, Ir was John who bought the apple ¥ 7RWE
L, Peter ° Mary £\ 57z, XRINCE 2 5N 5 MMOFEE R
T D EFERHC, £S5 % bought the apple DEHEE L L THEL
TWa. —77, (Ib) TIEZ 4 —H R bought \2H Y, 7 LFIZ
) 21X What John did was not sell the apple, but buy the apple % &
B35, (la) & (b) FEHEHERNCEFA—-TH L, 74—
HADMEDOENIL >T, R ARHNRING. KFEOH
AT, 74 —ARKEH, THROLBXICEWTRSHER
7Y MIEoTRHEINDE 4], 232=Fr—>a>yiE
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A is running in the snow.

} INF7L—=X
e

SL (EN

L= ok

_________

L @ JA—HR j; _..ii.... Itis adog that is running in the snow.
‘ N LR ! ——————

Theicreature: that is running in the snow is a dog. @ R

K1: %57 —XZ2HWET +—H ZABEROF]. SLICT7 +— W AGHEZERE EOEZHVWT AT 7L —XL, ZOTF

A +ETLAEHFERRLTWA.

WCERARZ T 2 7= 02ik, B EFIIEEHizHIIcRIND
74 —HRAEBHMU, ZIUATFET 2 @R % AR T 2 BB D
5. ZORAVIX, FEENFEEEICL > TWIBEBTH 5205, IE
HEERFEESEEICIZHEL W [S]. Ledio T, BEERTDa I a
= —2arTiX, TOXRAZEEHBNITI AT LADNE
TH5.

BHHERIER S A 7 & (Speech Translation; ST) 1%, Y — R EFiE
(Source Language; SL) O &R % X —% v b 53% (Target Lan-
guage; TL) DT F A MHZWVEEFICHBIPNCEERT 2> 27
LTH . b, ST EEHEBROBEIICE VTR ERESZ X
FTWa2, TNFETHEINZSTDZLIEX, 7r—HhR%
BONTFENLEREER T 2HAELE v, ko ST
T, HEIE A% (Automatic Speech Recognition; ASR) 12 &
ZEHOEZELZ LEITICERRMTHhbNS. ASR ZEHOAA
DAEZEEZFRIT LIS TVAL yENTnE 0, (I 5iEE
WiFEbNTLES. B LT, &0l (1a), (1b) &AL
ZEBEEOICH PO T, BED ST TIERHIZE L F—
D DEIRD.

B TlE, 7 SREEROBEEDIE RIS X5k
D, WX, BX, EAREMEZY, SL OffffE TL O~ It
I, FEHE (6], B (71,081, R (7], 191~[15] 2T F
FEMEMOBERICH ) LRI TWS. L, -
HeEo~ v ¥y 7T, SL OfEEICHInT 2888 TL TfF
T2 EBGEOAHIREING. FlRIX, HFEOEHTIX
74— B AZZEICEELSHVSLNS [16] 25, SiE M TIEEE
BREDHVWLH, TNPHOFEADKEFEEIISIEICX -
TR 5 [16]~[18]. LizhoT, BIZIET + —H AHFICEE
BTREINDB XS REENTL TH o 5E, HE-HEOFE
TE 74 —DARIELL Ry BV TERL.

Z 2T, RRFSETIE, BEEETERL, BE-SEER GE
BEXIE) ~v VT, TROBEEETFAMANRT T L —
AT BT EBT7 4+ =W AEMORREEEZ MR T 2. 2D
FiEE STAMHAAA, T 7L —XINTFA 28R
Va—NDAN T, T EEERE L SRR
AlREIC 22 (M 1). HEEE-SEHRAD 7 + —h A% FEH
FT2DI2E, ETNEFEET DD T—EBRETH 5.
UL, EEOMBRD, BRRIZERE T+ —HRETEHEM
 , TOBEERMT 27 F A MDBRTICK /23— REF
EL7V. &b DRV T, MAOEAVIRR S
T A VEHE, BIZE tis a little bit hot / It is extremely hot)
e, FRUCKHIGT &, B2 (tishot/Itis HOT) %, T
FRMFAUBAEANICRS X5 IHRE LEREa — "X

ll

[19] 3% 3. L2L, MEHEOEAFVICEHLTWS 20, il
FTRABRIAFACEEINTWS., ZOF—&IX, %RICEH
06T F A PANDIEHEROE T ABFICHH I N 201 %
7z, [21]1 T, 7+ —AXOBLEHN R 255, HlZ1X (Sarah
closed the door, Sarah closed the door) D X > R EFDBIE X
7208, RO BIESEESRICBWTHEEOHIEZERST 3 =
ETHolld, T-REFREFECT 2 EREIEEATY
B, EBIT, the, is R OMREBICD 7+ —H A% TS
YHAURETH DM [22], 2D &5 — AT ELWOATOR
V., TASERBER, Aa— 2Tk, KSRt XHheT
DFEE 7 A —HADNRE LIeEH L, ZhrhE B b
5EIRCTFRAIMNBTVIRR 2 HGEa— AR IT S5, a—
SNRAMERRITINZ T, IWNET—&2E2HIZ, UTD 220085 (A,
B) 25600 bITS. A EEEICEWTT7 +—AXBEDLNIC
CVEDHH Rl E 2R E, FFHIBWT 7 + — A RIE
FERERE & D S NAFEICELNZEAD D 5 [4] 53, SHOEH
INEETIE, RIROIE b HRERE/NAFE D X BIBIfRZ { £ TDFE
T —HADXRE LTV, #EICHERRFEEOIEE R
QIe®d, INERHIZEWT, REHEICILOEBLHFAT 222 b
TEHARROIERELAF Yy IT5 X 5%R"25%27 (2.2.2
HiZR). BEDPRF v TINGE, TROB 7 +—H A%EL
ZEDPTBERZ LM S NZFRICOVWT O, ERE0AHEIZ
BUIBEBDEA —F XA 057 5 —h ANMBEEHERIL
[23],[24], BFRABICT 7 + — A RZHIHT 2 X2 27 [21] %,
ASR IZBWT 7 4 —H AMEZRE [20—IZBWT, 5%M%
fEm LDz DBMNERY LTHATE 2R H 2. B. 88
B-EBRBBADONTIL—XHE ZNET, —HRNRF VT
Z, TROLEILDOTF R PIEIEFCEKREFHE DT F 2 b
WKENZBED LI BARX—U2H 50 [251~[27], 7+—PH
AERTDIZED XS REFEREDVHV SN2 5 [28],[29], &
DWTOIERIIITONTE. LL, 7+ —HADNRTSiE
FEIRD & SREEBA L D XS5 IKEBENZ DIV TIEH
LTI, 5 SEEMEED 5 SEEHEBAD 7 + —h ZIEH
DEHITHRICOWT, EEBMW - EWWNRONEITS. M, &R
BB a—RZANEKR O A DFEEHTITOVTIE, [30]
- SO RN

1.1 REBICEITZT7+—HR

ARHEIT, HFEICBU 28 - R - s gEkthzneHvi
7+ —HADRLARDVWTENT 3.

(7 1) : https://dsc-nlp.naist.jp/data/speech/paralinguistic_paraphrase/
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1.1.1 i
HIETCBRTz X 512, WEBDERIL, 74— W AZLEA D7D
W2, MEieMAT 5. WEEREEEE L, RO XS LFIETH
EoBHmem#AL, MEFoEELIIE21F% 4] £73, B
KT T, x4 > b % — 3 »A) (Intonation Phrase; IP)
CIEIN /NI BB HETS. 2L T, FIPOHTRIEE
RHEGERFEIRL, TOHEOT7 7Y MObH 3 EHIrKEH &
3 5. XPRIZIGEL T, 7% —A A& narrow focus ¥ broad focus
Zahi, WiEIXEEFOEREL IP 2EANAT 2 50, RER
IP O—HDANTEEZEITEIEZ DL NS [4].

1.1.2 7B 4
FRIC K 0TI A —H AR TBRITIZ, focus particle & FFEAL
Z—HEOHEEZ WS Z e TX [31], only, even, alone 2 ¥
MEEND [29]. HIZF only TIE, XARANCE 2 B3 Z DM
DFERIL DT, ZOhME—, XDOWE (assertion) %KL X
BRERTHZ I ERT (3]

2) a:
b: John only touched the painting.

John touched the painting.

(2a) &LEEEL T, (2b) TIX, broke <P stole 7Y, John 73 the
painting XL TIT 2 2 EEDHIT touched DHDBKALT 5 Z
Y%L, touched 737 + —H AXN3. R, let alone [32],
IR X2 87 himselflherself [33], particularly, mainly <% D%
SDFER B N7 4 —HAZIBA SR LTHVWONS.
1.1.3 X %

YHEERZNT S 7+ —h R ERE D, WEFANESC (It was Simon
who kicked the door.) , S¢{LUEFARES  (What Mary bought was an
apple) , & (And then appears a bear) , 8#& (I was bit by a
dog) [22] B ENOREEZALDATRET H 5. SUED AT
3, 7+—DADDHIEEXDHRAINBEXEE Z 2 HZ .
AU, FEEOIBERMEIEIZEIC Given-Before-New ¥ End Weight
EWVWSFANIKFE I N T WS 72D TH 5 [34].

2. Od—/NRYERR

2.1 TFRLTFHIY

T—NRADN—RA L5 TF A MIDOWTIX, Flickr8k [35] %
FA\W7z. Flicke8k 1%, ARSREOH) = I12BI35 % 8000 DHE{E
Y, HBRIZOE S ODF ¥ F¥a YHOWEF 40,000 F v 7
ParvEELIA—NRATHE. NR—ATFTFA M LTCHEYRD
DEBER2D, TLOKMHFICETEE2x vy 7> a Y EHIBRL
Jor BV A REULOAIFE R Z & Te; SUERA D BIEE 7L GECToR
[36] TIEIEXINT; &iAf) thox v 7> a v e FE—; A—DH
BIZH L THEBDF v 7 3 Vo TWIBEa1E, EEEH
BRU7z. F72, B0, KK TIZ 1 XCOEIP 2]
D, FTROLE T 4 —H R B BT BEN 1 BFEOALFRE L.
1 XORIDFEICDOWVWTIX, 50 fiaEH 572 % London-Lund
a— %R [37]EAWT, IP H7-h OHGEREREHEL, HROH
3VUSHICAHY T % 6 HEER RRHEERME L GERL . 7«
NERY Y ZTORERI1ZIS F v 7> a VR, TD 5 BRID
196 F ¥ 7> ariEARa—nRADR—ADTF A+ LTHRA

L7=. BlZ1Z, A biker enjoys a coffee SE ELT Wiz, T —%
ALRDTFHA %K 2ATRT.

22 BEEINE
F=RIEIZIE, 7599 RY =075y b7+ — LD Ama-
zon Mechanical Turk (MTurk)2 % FF L7z, IXEE# & HIT(Human
Intelligence Task) ¥ ML 2 X 2 7 % RN L, BEZOSIME
(Worker) 73 HIT D5ET ¥ & IS % Z A EHATH 3.

2.2.1 &E7 7Y
MTurk ICIXEFRZINET 24 VX —7 = 4 APEEIN TR
Wz, web N—2XDEFHF 7 TV EIERL, SIMEOER T A
VR IT 4 TEEL, BRENY Z Y FOY—NNTHRE
TEZ XL, HANZEREL UTERE - F1k - FAEDH
HET, BMDOHEARE L L T Google speech-to-text APIBZF RN L,
ANNEFEDHEEEE Y U CFHT 272 WIS 12 Speak Clearly” &
BIEEIC T 4 — R N9 7 %(TZAZ LD LT X5, HahZk
WKHREZD 2 DEEZRESTORERMEE L, SIEIIZZOMIX
METVDS L IERLE.

2.2.2 ®REFES LR
FY T ardh 3 NOFREEICHD YT, 7+—HRAD
EORZZHEEORE EIRA (K2) . X, H—0HEED
57+ — N ADEFEAEE LR Wl OFH AT T DI D IR
L7=. $%& HIT 3 EEEED Worker IZHRIAL, XD & S 7245
NG Z 72 FRENT R MR T 55 TR0 N BEE % 08
FALTHALTTRET 2; ZOHELHEFAT 2 DB FERT
HIITFEE R X v 7T 5; TEPF LN TWRTIUR, @
DHAITTRET 5.

MTurk D& 5827597 RV —> v 2T, EF—X0E%
HRT 2 Z e ARETH S [35],[38]. 2D, ANE S0t
ATIE, BT AP LTHRET 24227 G F v T aroi
) PHEHAMCHEL, AFIRX2EFMERDRE, fHrEh I
& L7 Worker DABARR A7 N FHEEL -, IV T Worker
DFEDD &, FEMPMER, 771> b, ERICOWTOHEEE
WMHUINE L 7=, 3423 & GEK: 588, 7 + —Hh AH: 2835) #°
9 AN® Worker 12 & » ThrE X417z, Worker 121, 2 2D F v
T a VRIS B5513$1.2, 3 DDEEE$2.0 2K Fho 7.
SEHIRA13$30.9 72 D, MTurk @ Worker DR CAIE X X113
$15.0[39] Z LElo7-. £ 11T, 9 ZOFHEHER L NESZH 2K
W29 2 HEROEIEERT.

F 1 FHEH Y a— 2B 3 REEHS
e ) FHBOHE (%)

7 7+ ORI

Bk 30 London 30.79
B 30 Rochdale 26.41
7k 30 Essex 2121
Hik 60 South West 9.99
B 20 South East Central Scotland 5.52
2 40 North East Scotland 4.62
Eegid 40 Yorkshire 0.56
7 20 Glasgow 0.56
i 50 Liverpool 0.35

(7#2) : https://www.mturk.com/
(#3) : https://cloud.google.com/speech-to-text



Focus word SpeakerA  SpeakerB SpeakerC
e[ )
A ||||IJ ||||| skipped
Abiker enjoys a coffee — biker ||||| ||||| |||||
| coffee __ iskipped | I | 1 | —I skipped

Flickr8k %+ 73 3 > (196) EE (EH: 588, 7 —J1 AH: 2835)

2: A biker enjoys a coffee iy L7=2

2.3 NST7L—XIN&E
RS T7L—XYH EHHWQIEI%@W%T 3, ’%bu%z‘ﬁ%éﬁ%
THhd BT 20ENH 3 [35]. REgEaHEER D7
®, mYICHEERE (US, CA, UK, AU, NZ) Eﬁz@ Worker (25 L
’C%E%IEIK’&% R2Z7ERE L. 600 ABBIIL, 205
YFE L EE L7z 550 NEREEREEEH L AL, PHTD2
o@ﬁw—7(G1GDL~“Ht 312, 35 7 L — RUUER
IZ Worker IZ5- 2 2H8RERT. 3%, EFEINETREIN
7274 —hAEDDOEROHNS T VX LGERINZ 12D
(K2R ZHMVTH 5V, ZOFATRINLZAZEEH
MEIWER BDITEWIZ 2 K5 FR L. X 61T, EPHER
OEFEIMRET /T, KFPEBEFOMA, XREEL~
XEDBME LI TOENE I WS HERbEMLE. Gl O
SME NG E L THMOBERT A 5 HIT HELZ.
ZOHIT TEART 7L —RADXRRZ ¥, 51 oN/-0RE BN
THMERIERL, BRIER L FARE, AFICX-> THERLH
DL, fERZELLHEMBL TV 2EZ 515 Worker &
REAZIZHEE LT, BiEH=DH 2 AD Worker 2335 7 L —
ZEITW, 2130 85 7L — X% 16 AD Worker 20 HUVEE L /=,
RT T —=XBH7=H OWMMIZ$0.15 T, F$16.5 TH - 7.
2.4 NSTL—AFHBHEE TRV
Worker 12 & » TR S 7285 7L — XDEIZ, 5, Aa—

Situation Suppose you have a friend who has a hard of hearing.
Your job is to paraphrase speech into texts so that the friend
can understand the implication conveyed by speech as well
as its literal meaning.
Task 1. Listen to audio samples.

Each speech includes an emphasized word.

» 003/003

o i

2. Paraphrase the speech by writing your own sentence in a
way that clearly conveys the meaning implied by the
emphasised word.

meaning of meaning of

Your paraphrase

> 0:03/003

o i =

Some
constraints

Feel free to
Make changes to grammar
(such as active/passive, word order, etc.) and vocabulary
Dont's

Do NOT capitalize

Do NOT make your own inferences or provide
additional contexts.
Do NOT use an exclamation mart (!).

X 3: %5 7 L —XNEITBIT B8R

KEELTO

2=
}— 5-&rs—sG)s
There is one biker enjoying a coffee. }— 5 —@— BD— G -@— 5
- e@o—o0e
The person enjoying a coffee is a biker. }— —@— 5——a -@— 4

i
O 4{%
What the biker enjoys is a coffee. }— 5 -@— 5

4 -@— 5
ST L= (1697) (7 ILE U VT H)

—RATHA ¥

One biker enjoys a coffee.

It's a biker enjoying a coffee.

It is coffee the biker enjoys.

u NI

NAEE S IR ET D, 7 7L —XOH T 5 72
o, FEFHMN 21772 o 72, Worker 12137 + — B A I N/-Fqh
&, BT 27 7L —=XDRT7IZDWT, KD 2 DOBMZ
NZAUTDOWT 5 BRE (1-5) TRHIS 2 KSRz (X ¢
7 7L —RBFRFEPORERE ENIZTEMITER STV S D,
(Y) R 7L —XDHFEL LTERL BVWESTW SR, <5
7 L —XIER e AR, BT R b 253 G2 D Worker 12
HHEL 7. BT A NEZ Y7 L7z Worker I LT, 1857
L—XH7=b 34D Worker ZH| D 4 T7 (16 BZh0). #HMix
NI TL—XBH7=0%0.1 & L, FHK#EIE$25.0 TH o7z, 7
kG R DOIER, Bln (X)) LBl (Y) ZhziulonTHiR
EZFEL (K2), (X) TofEs3 U Ero (Y) 274 L ET
BHoTeRT T —RXDABEHR LIz, FHEEMZRPoT%F
7 L —XRFHIBRE N, BB L FHE, HIFREZITRo7%. 25
RBEZTZ4NEY T LT, RIS TS 7L —X
EBHIRLZ: BA (X) 0237058 HERAE N (02 >
1.6) (Bl : 227 :2, 5, 5) ; KllABAED ST (The
men are climbing. | The men were climbing on something.). 7 4
NERY Y TDRER, 1697 X5 7L —X %42, RK2ATT +—H
ABRLNRT T L —=XDORT7 OFZRT

£2: A—RAND 7 + —HRFEFTEL T 71— DT H.

Focused speech Paraphrase

A dog splashes in the water
A dog splashes in the water
A dog splashes in the water
A dog splashes in the water
A dog splashes in the water
A dog splashes in the water
A dog splashes in the water
A dog splashes in the water
A dog splashes in the water
A dog splashes in the water

One dog splashes in the water
A dog, not two, splashes in the water
The animal splashing in the water is a dog
A dog, not a child, splashes in the water
What a dog is doing in the water is splashing
A dog splashes in the water, not at the edge of it
A dog immersed in water splashes
A dog splashes in some specific water
Water is what a dog splashes in
A dog splashes in the water, not in the mud

3. -9

3.1 JERICHITBRXF v TENT focus BOFFIE
ETOREICT + — A AR BW5E, 3264 DFEGEDFRETH -
723, 429 (13.1%) D|EBRF v FENiz. FlZIE, aboy
runs through the grass Tl&, a T1 A\, the T2 A\, grass T 1
ANBRFy T LT, RFEZELT, Zoflo k51|, £/
BXROFENRF v TSI BHAPBE I N D, Tx—H
AFED RGN O X TOMB L AF v TREHFNT. ERE2R

4



£3: 74— A RAFED AN OB L FRE A ¥ v TROMGR

A i ¥y 7% e fif  ZF v IR e fif 2%y IR
mean median std mean median std mean  median std
040  0.00 0.00  0.00 0.00  0.00 0.00  0.00 0.00  0.00 0.00 0.00
050  0.00 0.00  0.00 020 0.0 0.00 0.00 020  0.00 0.00  0.00
il & 0.60  0.00 0.00 0.04 025  0.00 0.00  0.00 JEAE 025 0.00 0.00  0.00
075 0.00 0.00  0.00 033 003 0.00 0.10 075 0.00 0.00 0.00
0.80  0.04 0.00 0.12 040  0.00 0.00  0.00 0.80  0.00 0.00  0.00
020  0.00 0.00  0.00 e 050  0.00 0.00  0.00 020  0.00 0.00  0.00
g 040 000 0.00 0.00 0.60  0.00 0.00  0.00 025 0.00 0.00 0.00
050 0.00 0.00  0.00 0.67  0.00 0.00 0.00 040  0.00 0.00 0.03
0.67  0.00 0.00 0.00 075  0.00 0.00  0.00 050  0.00 0.00 0.00
0.00 031 033 0.12 0.80  0.00 0.00  0.00 Bl 0.60  0.00 0.00  0.00
5 0.60 035 033 017 100 027 033 031 0.67  0.00 0.00  0.00
075 038 033 021 topg 080 000 0.00  0.00 075 0.00 0.00 0.00
0.80  0.46 033 0.19 100 033 033 033 0.80  0.00 0.00 0.00
& 0.00 0.1 0.00 0.05 EIE] 1.00 029 033 026 .00 0.29 033 034

3ITRT . WEF R 2T Spacy4 & FV, ST DAL B I3 SCHE
% 0.00, 3R% 1.00 ¥ LTIERb LMl L7z, BRI, SH
FEOXIIBWT 7 + — A REBER 3 F/BETHIUL, ZDEDEIZ
0.50 725, ¥/, ZHOFFAKRUONMBEICET 2 HBERD 2
E T OELERIRI SN, RS, 7+ —h AFEHHEA
TH 258, ROSCRICH - 72858 (% - (R4 - BlFE - Big)
12, T3 TROVEHBRIERNTAXy S, $RhbET7+—HR%
B ZEPTERECKS IR T o722 290 5.
3.2 NFITL—XHEDH

7 4 —H AWEE DS FEIEREEA LD L S KA I n 0
DPEFNDL D, Fi-—rF 7L — ARTIZOWTAFTON%
v, IR X5, FBEM, SGENBR» 6B — 2%
DL (a—RANDETOEBREET 2 DD TIERW).

Esot—1

nu;ﬂiﬁ"]gjﬁ%

- Bt 74— RFERFRFETEEIMR, eg
canine) , (on/ontop of) .

1E8f: 7+ — A AFEPZ D 7 L — X & RIS Hi T,
(play / play actively) , (s / is indeed) .

ZHRL, BE (Aman/

(dog /

e.g.
BE: 7 4 — W RFBEONRGGE
A man, not a woman) .
B2

EARES T b 7+ —H RFE R SCEITIAABE); 5B
X, BELUEFMS, FlER 2 RH. eg
. | It’s people who sit..) , (.. play baseball | baseball is

(People sit

what .. play) .

GAMYT b 74 = A RFEEICRAAANEE.  BELUR
M, BlE, zofthz#H. e.g. (Childrenplay .. |
what children do .. is play) , (.. isrock climbing / .. is
climbing a rock) , (an old man sits | a man sits and he is
an old man)

7 ARY AL IR S BTEETIE, £/ 2 DN

D7 ARY Vb, e.g. (s walking | walks) .

EHIE, TA—HADPY o eBFAZ L DT T L=k
DENDGEITI o072, [261 2BEIZ, T 7+ —HA%ER

(7E4) - https://spacy.io/

\F 7[5 50 [EILL BT H o 72 fhalic oW, F &R AT 50 2%
FIV=REAR. KT, RTTL =R, FRGHEOTFE
DRI o RBBE, 7+ —HADDD5EH 5 VEZDHEEET
FDHEMNGUITE ATz, PIZIE, RDNF 7L —XZDNWTH
Z%. (adog trots through the grass | the only grassy area is what
a dog trots through) . ZDEE, 74 —HADB 3 the 723 TR
{, Thrattiaa (FRED ZoMage 3 5, FBaiiRg
bTUE, only DA ZH (BEf), grass 23 grassy area 1218 Z#
Zohie (B ; EMRZE(TIE, reversed-pseudo-cleft &
MR 2 EmFAM X oO—/@aAv sz (Bl 7 b)), £ 413,
7 & — A AFEDGE Z C WCEBITIED P REHE R R L2
DTHB. 7ARYZ MEICOWTIE, 7+ —H ZBED B %
72 BB D5 E DRI A Tz

K4 7 3 —H ZAED RS T L — XTFED BB

fa WA AR BeR WiBhENE T ATER

e 028 012 010 0.8 0.08 042 072

RRALN (B 000 002 0.12 006 0.60 0.18  0.50

HE 0.10 006 006  0.12 0.10 0.12  0.00

FEMS 7 b 0.10 020 004 008 0.00 0.10  0.00

Xk Ay 7 b 046 044 070  0.52 0.08 026  0.02
YOV AN (4 0.28 - - 0.20 - -

4. ZRCEH

AW TIE, STANOBEHZZEHIZ, BRED 7 + —h ADME
DEZBHEFTY, 7+ —H R o TRIFENCEINE
BELEDTEWRA T FAMDORTHEENZHEEI— 2
DIEREHIE L7z, a—RRADHH T, HiAlk O XKRDFEIZ
F7 4 =D REEL ZEBPFEARE IR TV L, T 558
D 5 BEEHEHAD 7 4 —h AIEMOLHNNE, A RiER
B - SGEMFEDPAVONR, TS DFIENDIKIFEIE T + —
HAFEDFFNC L > TREZZ Z e 2SI LTz, REFFEDR
Ro12 LTk, THbb BEZOHEEL T x—H AT
BZDM? | IXOWTEBBRNZ ePEIFLNE. @EDNT
TLV—=RRATTIE, X7 7L =R ZOFHHESIRIC X > T
(LT 5 e AWEIATVS [40]. ROEEMIZ, SHD
NI T7L—XNELFHicd Y TEFE2EZ 5N, 1111
28177z broad focus & narrow focus DXl b &, SHa— 2R
PRS2 L TIREE R L 727 — PRI OV TRET LT

— 5



%, XMRICOWTORADLD 2 DD, AT S SEERIER
DX B BERICENT THERFAEEZ R L

ZDa—rNRA

LEDOHBESNEARIE, T SEERE R T S ST
EFNLDOBPIORDEHDTH 3.
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