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A Comparative Analysis of Methods on Extracting Speaker Information in Dialogue Models
Conditioned on Speaker Information
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In recent dialogue research, many models have been proposed in which sentences describing the speaker’s infor-
mation are input into a encoder with dialogue sentences to generate a response sentence that reflects the speaker’s
information. However, such models have a problem that they generate responses that are strongly conditioned on
the words appearing in the persona description. In this study, we aimed to alleviate this conditioning by inputting
distributed representations obtained by encoding Persona Descriptions with VAE. As a result, we were able to
generate a response that is not contradict the persona description while relaxing the conditioning.
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