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The Use of Action-Relation Probability in Policy Reuse for Dialog Management
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Reusing policies in a new domain, which is trained on the existing domain, is an important problem of dialogue
management research based on reinforcement learning. This work defines action-relation probabilities between the
action spaces of the new and the target domains using mixture density networks for the reuse of policies. Exper-
imental results showed that the proposed modeling of action-relation probabilities based on component matching

using regression realized the effective policy reuse.
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