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#2: V7 UF U IHEROH (Re-ranking (Pairs))

Re-ranking / | Good Bad (Pairs) | Sum
Events

Good 20 6 26
Bad 4 8 12
Both Good 11 6 17
Both Bad 26 19 45
Sum 61 39 | 100

#3: VI UF U IHERO S (Reranking (RFTM))

Re-ranking | Good Bad (Pairs) Bad Sum
/ Events (GEMAL)

Good 1 5 12 18
Bad 0 0 5 5
Both Good 2 2 17 21
Both Bad 2 5 49 56
Sum 5 12 83 100

£ 4 ) I UF U ITRERD S (Re-ranking (Coher-
ence))

Re-ranking / | Good Bad (Sequence) | Sum
Events

Good 18 8 26
Bad 3 5 8
Both Good 17 22 39
Both Bad 14 13 27
Sum 52 48 100
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