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[1] Kishore Papineni, et al. Bleu: a method for automatic evaluation of machine translation. 2002
[2] George Doddington. Automatic evaluation of machine translation quality using n-gram

cooccurrence statistics. 2002
[3] Matthew Snover, et al. A Study of Translation Edit Rate with Targeted Human Annotation. 2006

[4] Banerjee Satanjeev, et al. METEOR: An Automatic Metric for MT Evaluation with Improved

Correlation with Human Judgments. 2005
[5] Qingsong Ma, et al. Blend: a Novel Combined MT Metric Based on Direct Assessment.

2017
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[6] Matt ] Kunner, et al. From Word Embeddings to Document Distances. 2015
[7] Andre Tattar et al. bleu2vec: the Painfully Familiar Metric on Continuous Vector Space Steroids.

2002
[8] Lo, Chi-kiu. YiSi - a Unified Semantic MT Quality Evaluation and Estimation Metric for

Languages with Different Levels of Available Resources. 2018
[9] Hiroki Shimanaka et al. RUSE: Regressor Using Sentence Embeddings for Automatic Machine

Translation Evaluation. 2018

[10] B 7% et al. BERT % A U\ 7= ¥ ERER o0 B #h5T4d. 2019
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[11] Lajanugen Logeswaran, et al. An efficient framework for learning sentence representations. 2018.
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[12] Guillaume Lample et al. Crosslingual Language Model Pretraining. 2019
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