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Abstract In this paper we propose a method with neural networks for detecting syntactic anomalies in sentences
using electroencephalogram (EEG) signals. To the best of our knowledge, there have been few studies for detect-
ing syntactic anomalies from single-trial EEG signals. Eighteen participants listened to sentences, some of which
included syntactically anomalous words, and answered the correctness of the sentences by pressing a button. Dur-
ing this procedure, we recorded EEG signals of the participants. We evaluated Stacked autoencoders (SAE) and
Long-short term memory (LSTM) and a baseline model, Support vector machine (SVM), for classifying EEG signals
with respect to syntactic anomalies.
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