SEEL7cO0Ry MEMEESRBAXONINEE
End-to-end Learning of Segmented Robot Behaviors and

Descriptions

N/
Kohei Wakimoto!

HH sE—HR L Rk L
Koichiro Yoshino!

Satoshi Nakamura!

U AR BB KB R T TR A sE R

! Graduated School of Information Science, Nara Institute of Science and Technology

Abstract:

Behavior description is necessary for robots that cooperate with humans. Recently,

end-to-end approaches are applied to the behavior description, as a generation task of natural

language given a sequence of robot observations. On the other hand, segmenting robot observation

is a conventional approach to bridge the natural language description and the robot behavior

sequence. In this research, we introduce the segmentation of robot observation in the end-to-end

learning of robot behavior description given the sequence of robot observations. Our experimental

results show that the proposed segmentation improved the results of the behavior description.
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