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A Dialog System to Detect Deception
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Abstract:

When humans attempt to detect deception, they perform two actions: looking for

telltale signs of deception, and asking questions to attempt to unveil a deceptive conversational

partner. There has been a significant amount of prior work on automatic deception detection,

which focuses on the former. On the other hand, we focus on the latter, constructing a dialog

system for an interview task that acts as an interviewer asking questions to attempt to catch

a potentially deceptive interviewee. We propose several dialog strategies for this system, and

measure the utterance-level deception detection accuracy of each, finding that a more intelligent

dialog strategy results in slightly better deception detection accuracy.
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