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During its 52nd annual meeting (Baltimore, June 25 2014), the Association for Computational Linguistics has awarded the 2014 ACL

Lifetime Achievement Award to Robert L. Mercer.

Arriving at IBM's Thomas J. Watson Research Center in 1972, Bob Mercer took a chance in signing up to work in a new research group
focusing on speech recognition. Rather than emphasizing the linguistic understanding of speech, the group advocated probabilistic and
information theoretic approaches. Despite their lack of linguistic background, the group in rapid succession produced breakthrough after
breakthrough in various areas of computational linguistics, including few statistical approaches in speech recognition, developing some of
the first large probabilistic language models, and finally pioneering the use of statistical approaches to machine translation, the problem of

translating from one language to another.

Bob Mercer and colleagues forcefully demonstrated the power of big data... Read More

More Announcements > >

ACL 2016 - Final Call For Bids
The Association for Computational Linguistics (ACL) invites
proposals to host the 54th Annual Meeting of the ACL, to be held

in Europe. the Middle East or Africa (EMEA) in June, JU|y. or
Annnct 20168

What is Computational Linguistics?

Computational linguistics is the scientific study of language from
a computational perspective. Computational linguists are

interactad in nraviding comnunitatinonal madele of varinng kinde nf
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Long Short
Swe-
2010 den 638 332 970| 160 63 223| 25.1 19.0 23.0

2011 U.S.A. 634 512 1146| 164 128 292 259 25.0 255

2012 Korea 571 369 940| 111 /6 187 | 194 20.6 19.9

Bulga-

2013 .
ria

664 624 1288| 174 154 328 | 26.2 247 255

2014 US.A. 557 532 1089 | 146 139 285| 26.2 26.1 26.1
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Result

Weight [kg]
Baseline 78.2
+ACL 82.3*

Table 1. Experimental Results for Physical Effects.

N

Future work: Regularization against the weight
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Don’t Until the Final Verb Wait:
Reinforcement Learning for Simultaneous Machine Translation

Alvin C. Grissom 1II
and Jordan Boyd-Graber
Computer Science
University of Colorado
Boulder, CO
Alvin.Grissom@colorado.edu
Jordan.Boyd.Graber@colorado.edu

Abstract

We introduee a reinforcement learning-
based approach to simultaneous ma-
chine translation—producing a trans-
lation while receiving input words

between languages with drastically dif-

(EMNLP 2014)

INPUT QUTPUT

bundesumweltministerin

Merkel federal minister of the

‘Environment angela merkel

bundesumweltministzrin
merkel hat den entwurf

gezeigt %federﬂl minister of the

- Environment angela merkel

shown the draft

bundesumweltministerin

merkel hat den entwurf

eines Umgnpﬂ‘,nmhm%feueml minister of the

programms vorgestelit environment angela merkel
shown the draft of an

ecopolitical program

Figure 6: An imperfect execution of a learned
policy.  Despite choosing the wrong verb

“gezeigt” (showed) instead of “vorgestellt” (pre-

sented), the translation retains the meaning.

is Angela Merkel, who was the environmen-
tal minister at the time, but the policy uses
an incorrectly predicted verb. Because of our
poor translation model (Section 6). it renders

hear more information in a spoken context —or
use phrase table and reordering probabilities to
decide where to translate with less delay (Fu-
Jita et al., 2013). Oda et al. (2014} is the
most similar to our work on the translation
side. They frame word segmentation as an
optimization problem, using a preedy search
and dynamic programming to find segmenta-
tion strategies that maximize an evalnation
measure. However, unlike our work, the direc-
tion of translation was from from SvO to svo,
obviating the need for verb prediction. Simmnl-
taneous translation is more straightforward for
languages with compatible word orders, such
as English and Spanish (Fiigen, 2008).

To our knowledge, the only attempt to
specifically predict verbs or any late-occurring
terms (Matsubara et al., 2000) uses pattern
matching on what would today be considered
a small data set to predict English verbs for
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learning dependency sentiment summarization
41 18 12 10
translation relation semantics context
34 16 11 10
word text unsupervised Cross
30 15 11 10
extraction chinese discourse graph
23 14 11 9
parsing automatic neural level
23 13 11 9
semantic detection supervised statistical
22 13 11 9
language analysis information network
22 13 10 9
machine topic entity structured
20 12 10 9
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SRLHBAT: [Devlin, et al.]

"Fast and Robust Neural Network Joint Models for Statistical
Machine Translation"
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RERTER

BOLT Test
Ar-En
BLEU | Gain
“Simple Hier.” Baseline | 33.8 -
Standard NNJM 40.2 +6.4
Self-Norm NNJM 40.1 +6.3
Pre-Computed NNJM 39.9 +6.1
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SRICHBEST: [Liu, et al.]

"A Recursive Recurrent Neural Network for Statistical Machine
Translation"
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Recurrent Neural Net
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RERTER

Setting Development Test

Baseline 46.81 39.29
WEPPE+R*NN 47.23 39.92
TCBPPE+R’*NN 48.70 1 40.81 1
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