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Fig. 1 Example of oversubtraction parameter
5 and flooring parameter n for spectral subtrac-
tion and Wiener filtering, which satisfy musical-
noise-free condition.
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Fig. 2 Theoretical behavior for MMSE STSA
estimator: (a) noise reduction rate and (b) kur-
tosis ratio.
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Fig. 3 Relation between NRR and kurtosis ra-
tio obtained from objective evaluation experi-

ment with increasing &y

. Musical-noise-free iterative spectral subtraction

D Musical-noise-free iterative Wiener filtering

D Musical-noise-free MMSE STSA estimator
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(a) White Gaussian noise case
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Fig. 4 Cepstral distortion obtained from ex-
periment with (a) white Gaussian noise and
(b) babble noise under 12-dB NRR condi-
tion, where we compare musical-noise-free iter-
ative SS, musical-noise-free iterative WF, and
musical-noise-free MMSE STSA estimator.
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